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Abstract
Background  Species host diverse microbial communities that can impact their digestion and health, which has 
led to much interest in understanding the factors that influence their microbiota. We studied the developmental, 
environmental, and social factors that influence the microbiota of nestling barn owls (Tyto alba) through a partial 
cross-fostering experiment that manipulated the social and nest environment of the nestlings. We then examined the 
nestling microbiota before and three weeks after the exchange of nestlings between nests, along with the microbiota 
of the adults at the nest and nestlings in unmanipulated nests.

Results  We found that nestlings had higher bacterial diversity and different bacterial communities than adults. The 
microbiota of nestlings was more like that of their mothers than their fathers, but the similarity to the father tended 
to increase with the amount of time the father was in close proximity to the nest, as measured from movement data. 
Cross-fostered offspring had higher bacterial diversity and greater changes in bacterial community composition over 
time than control offspring. Cross-fostering led the microbiota of the nestlings in the experiment to converge on 
similar bacterial communities. The microbiota of nestling owls therefore rapidly changed along with alterations to 
their social and nest environments.

Conclusions  These results highlight the dynamic nature of the microbiota during early development and that social 
interactions can shape microbial communities.
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Background
Animals are home to diverse microbial communities that 
can interact with the host species in many important 
ways [1–4]. Some bacteria aid in digestion or detoxify 
compounds in the food [5–7]. The microbiota of hosts 
can harbor pathogens [8, 9], but can also help prevent 
pathogens from colonizing the host [10–12], both of 
which impact host health. Some bacteria form tight sym-
bioses with host species [13] and can affect host devel-
opment, behavior, and survival [4, 14]. These ecologically 
important interactions between hosts and their micro-
biota have generated considerable interest in exploring 
the factors that shape the microbial communities of hosts 
[15–17].

The microbiota associated with hosts are influenced 
by many factors including the hosts’ physical environ-
ment [18], diet [19–21], behavior [22–24], physiology 
[25], and genetics [26]. One way to explore the influence 
of these factors is to study the early development of the 
microbiota. Large changes in the microbiota have been 
observed in early development as animals age [27–31]. 
Changes in the microbiota could be driven by changes in 
food sources as animals mature, the development of the 
host immune system, the selection over time of microbes 
that thrive in the host from the larger microbial com-
munity, or competitive interactions among members of 
the microbiota [4, 32, 33]. This process of establishing a 
microbiota can impact the health, growth, and fitness of 
the host [4, 10, 12].

Social transmission of bacteria among hosts can shape 
the composition and diversity of the microbiota found 
within hosts. Microbes can disperse among closely inter-
acting individuals (e.g. mates, parents and offspring, 
predators and prey, grooming partners) [18, 34–37], 
which can lead to the homogenization of microbiota 
among interacting hosts [17, 28, 38–40]. In some cases, 
direct contact between hosts is not even necessary for 
bacteria to spread between hosts inhabiting the same 
environment [41, 42]. Bacterial taxa can differ in their 
modes of social transmission, because in mice obligate 
aerobes tend to be transmitted horizontally and obligate 
anaerobes tend to be transmitted vertically [41] and in 
baboons socially structured bacteria tend to be anaero-
bic and non-spore forming [37]. Social transmission of 
bacteria among hosts sometimes has stronger effects on 
the microbiota than genetic differences [38] or species 
differences in microbial communities [28, 43], although 
these effects can be transitory [28]. Thus, social effects 
on the microbiota are likely to be important, but need 
to be studied through detailed sampling or experimen-
tal manipulations that separate out social factors from 
dietary, genetic, and environmental factors shared among 
socially interacting individuals [16].

A powerful way to study the establishment of a host’s 
microbiota is to cross-foster offspring between families, 
which experimentally manipulates the early environment 
of the offspring. Cross-fostering can help separate out the 
influence of genetic, social, and environmental factors 
in the development of organismal traits [44, 45]. Cross-
fostering offers a rare opportunity to not only observe the 
microbiota of non-model species, but to experimentally 
manipulate factors that could affect their microbiota [28, 
39, 43, 46, 47]. Cross-fostering experiments have revealed 
that the microbiota of cross-fostered offspring can 
quickly change to resemble their foster siblings in both 
intraspecific [34, 39] and interspecific [43] exchanges of 
offspring. However, other cross-fostering experiments 
suggest that the original environment can have last-
ing effects on the microbiota of cross-fostered offspring 
[47] and that host species identity can be important for 
structuring the microbiota [28, 46]. Therefore, additional 
studies are needed to help reveal the factors that dictate 
whether a host’s microbiota is maintained or changed in 
new environmental conditions.

We conducted a partial cross-fostering experiment 
with nestling barn owls (Tyto alba) to investigate fac-
tors that affect their microbiota. Our study also includes 
microbiota data from the nestlings’ parents, many of 
which were studied previously [48], which provides a 
foundation of knowledge about the microbiota of these 
owls. For example, we previously found that adult female 
owls had greater bacterial diversity and different bacterial 
communities than males. For both sexes, owls that trav-
eled greater distances away from their nests had higher 
bacterial diversity. The adult owls’ bacterial diversity was 
also correlated with the age of the oldest nestling, clutch 
size, and fledgling success.

Our prior work on adult barn owls inspired us to study 
whether the microbiota of barn owl nestlings is affected 
by age, sex differences, and the movement behavior of 
their parents. Many avian studies have observed differ-
ences in the microbiota of adults and their offspring [27–
30], which suggested that it could be an important factor 
to examine in our barn owl system. Males and females 
could differ in their microbiota because of sexual differ-
ences in physiology, behavior or diet. For example, male 
and female mice have different microbiota because of dif-
ferences in sex hormones and immunological responses 
[49–51]. Although sex differences in the microbiota have 
been observed in some studies of birds [23, 25, 52], other 
avian studies have not found such a pattern [15, 22, 53, 
54]. These studies were typically done on adult birds, with 
the one exception demonstrating that the microbiota of 
nestlings may not exhibit the sex differences observed in 
adults [52], which suggests that further studies are war-
ranted. Similarly, there have been few studies that have 
examined host microbiota in relation to their movement 
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behavior [22–24, 35]. However, these studies have dem-
onstrated that movement behavior can be important, 
because differences in the microbiota have been associ-
ated with migratory behavior [22–24] and social interac-
tions that result in bodily contact [35].

Our goal was to investigate the developmental, envi-
ronmental, and social factors that may affect the host-
associated microbiota by studying barn owl nestlings 
and their parents. This was accomplished through a 
partial cross-fostering experiment in which approxi-
mately equal numbers of offspring of the same age were 
either swapped between nests (cross-fostered) or kept 
at their natal nest (controls). We collected data on the 
microbiota of the control and cross-fostered nestlings, 
unmanipulated nestlings not involved in the cross-fos-
tering experiment, and the adult owls at the experimen-
tal and unmanipulated nests. We had three major lines 
of inquiry: (1) comparisons across different age classes 
and between the sexes, (2) comparisons among nestlings 
in the experimental groups, and (3) comparisons of nest-
lings to their parents. We considered not only the effects 
of the parents and natal environment as is done in a typi-
cal cross-fostering experiment, but also the potential for 
horizontal transmission of microbes among nestlings 
that are cross-fostered together. We tested the following 
eight hypotheses regarding factors that could influence 
the nestlings’ microbiota.

Comparisons between the sexes and across different age 
classes
Developmental Changes Hypothesis. The microbiota 
changes over developmental stages, because of changes 
in the immune system, exposure to new bacteria, or other 
factors. Therefore, we hypothesize that young nestlings, 
old nestlings, and adults could exhibit differences in their 
microbiota in terms of bacterial species richness (i.e. 
alpha diversity), bacterial community compositions (i.e. 
beta diversity), or both alpha and beta diversity. Studies 
of other birds suggest that adults and offspring often have 
differences in both alpha and beta diversity, but offspring 
may have either higher or lower bacterial species richness 
than their parents [27–30].

Sexual Differentiation Hypothesis. Male and female 
nestlings will have different microbiota, given the sex dif-
ferences observed in adult owls [48]. Alternatively, sex 
differences in the microbiota may develop later in life and 
only be observed in adult owls.

Comparisons among nestlings
Increased Alpha Diversity Hypothesis. Cross-fostered 
nestlings, unlike control nestlings, are exposed to two dif-
ferent nest environments and pairs of adults, so will have 
higher bacterial species richness (i.e. alpha diversity).

Increased Microbiota Change Hypothesis. Cross-
fostered offspring will show greater changes in their 
microbiota over time than control offspring because of 
exposure to two social and nest environments rather than 
just one.

Convergent Bacterial Community Compositions (i.e. 
Beta Diversity) Hypothesis. The bacterial communities 
of cross-fostered offspring will come to resemble their 
adopted siblings due to sharing a common nest environ-
ment and from bacterial transfer from their adopted fam-
ily. Cross-fostered offspring may still share bacteria with 
their biological siblings but are expected to gain new bac-
teria that increase their similarity to their adopted sib-
lings. We would reject this hypothesis if cross-fostered 
nestlings do not match their adopted siblings, which 
could occur if their microbiota is slow to change, not 
affected by their environment, or dictated by genetic, 
developmental, or random factors.

Comparisons of nestlings to parents
Higher Similarity to Mothers than Fathers Hypothesis. 
When nestlings are young, barn owl mothers remain at 
the nest, while fathers hunt and bring prey to the mother 
who feeds the nestlings [55]. When nestlings are ~ 24 
days old, the mother resumes hunting and both parents 
may feed the nestlings. We hypothesized that nestlings 
would show greater similarity to their mothers than to 
their fathers in alpha or beta diversity (or both) because 
of their shared nest environment and the greater poten-
tial for social transmission of microbes between mothers 
and offspring during their early development.

Reduced Similarity to Parents with Cross-fostering 
Hypothesis. Compared to control offspring, cross-fos-
tered offspring are predicted to have decreased similarity 
to their biological parents because they were moved to a 
different nest environment with new siblings and adults.

Parental Movement Ecology affects Microbial Similarity 
to Offspring Hypothesis. Parents that spend more time at 
their nests will have greater similarity to their offspring’s 
microbiota because there is more opportunity for social 
transmission of microbes.

Methods
Owl cross-fostering and data collection
We studied barn owls in northern Israel (Fig.  1) where 
nest boxes in the Hula Valley were monitored from April 
12 - July 5 in 2017 by one of the authors (M.C.) to col-
lect reproductive data [48, 56]. Adults were sampled from 
both unmanipulated and cross-fostered nests. In many 
cases, both adults attending the nest were captured at 
least once to sample their microbiota (see Supplemen-
tal Methods), but it was easier to capture the females 
since they remained in the nest more than the males. As 
a result, not all males were captured, and some females 
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were captured multiple times (see below for sample 
sizes).

A partial cross-fostering experiment was conducted 
between ten pairs of nest boxes (Fig. 1). Nest boxes were 
paired if they contained a similar number of nestlings of 
the same age (i.e. equal numbers or only one nestling dif-
ferent). The microbiota of the nestlings was sampled at 
two developmental time points, one before they began 
to develop adult feathers at ~ 35 days [55] and a second 
time before they fledged and began to leave the nest, 
which in Israel typically occurs after nestlings are 60 days 

old. When the nestlings were 26–34 (mean = 30.27, stan-
dard deviation = 2.56) days of age (which we subsequently 
refer to as “young” nestlings) they were swabbed to col-
lect a sample of their microbiota (details below and in 
Supplemental Methods), and then offspring were recip-
rocally exchanged between the paired nests. Thereafter, 
the nests contained some nestlings housed with their 
biological parents (controls) and some nestlings moved 
from another nest (cross-fostered). Fourteen nests cross-
fostered two nestlings and five nests cross-fostered one 
nestling. One nest (nest 222) had two control nestlings 
and one cross-fostered nestling from its paired nest 
(nest 237), but did not donate any cross-fostered nest-
lings to nest 237. The lack of a cross-fostered nestling in 
nest 237 did not affect our analyses because none of the 
nestlings in nest 237 survived to be sampled when they 
were older. There were no significant differences (F1,61 
= 0.75, P = 0.391) in nestling age between the control 
(mean = 30.0 days, min = 26, max = 34, standard devia-
tion = 2.56) and cross-fostered nestlings (mean = 30.6 
days, min = 26, max = 34, standard deviation = 2.58) at 
the start of the experiment, nor at the second sampling 
time (F1,42 = 0.74, P = 0.395). The average brood size of 
the nests in the experiment was 5.35 nestlings (standard 
deviation = 1.75, min = 3, max = 8) and in this population 
there were an average of 5.35 fledglings per pair (N = 220, 
min = 1, max = 11) [57].

The nestlings were swabbed again for microbiota pro-
filing typically around three weeks after the exchange 
between the nest boxes (median = 22 days, min = 18 days, 
max = 28 days), when the nestlings were 49–56 days 
(mean = 53.11, standard deviation = 1.81) of age (which 
we subsequently refer to as “old” nestlings). In addition 
to the 20 nest boxes involved in the experiment, micro-
biota samples were also collected from nestlings in 18 
unmanipulated nest boxes (Fig.  1) when their nestlings 
were 46–56 days of age (unmanipulated nestlings were 
only sampled at the old time point). In addition, twelve 
nestlings from eight experimental nests were only 
swabbed at the second time point, because they were a 
priori excluded from the cross-fostering experiment (we 
refer to them as “excluded” nestlings). These nestlings all 
remained with their biological parents (like designated 
control nestlings) but were excluded from the experiment 
because we wanted approximately balanced sample sizes 
of control and cross-fostered offspring that were of simi-
lar ages. The excluded nestlings were younger than the 
nestlings designated as controls in their nest. Although 
excluded nestlings were not used in the analyses of the 
cross-fostering experiment, they were used in other anal-
yses of the microbiota such as comparisons testing for 
age differences, sex differences, and the influence of the 
parents. Sample sizes for each type of nestling are pro-
vided below.

Fig. 1  (A) Barn owl nestlings from one of the monitored nest boxes. (B) 
Location of the nest boxes in the Hula Valley, Israel. Nest boxes that were 
paired with each other for the exchange of nestlings are depicted with 
circles of the same color. Nest boxes that were not involved in the cross-
fostering experiment (unmanipulated nests) are marked with gray squares
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We sampled the cloacal and oral microbiota (see Sup-
plemental Methods) to study the effects of cross-fos-
tering on two different bacterial communities. Cloacal 
swabs were collected from all nestlings and adults. Oral 
swabs were collected only from young and old nestlings 
in the cross-fostering experiment to provide data on an 
additional microbial community that could be examined 
as part of our experiment. The mass (g) of each nestling 
and adult was measured each time it was swabbed. We 
were able to determine the sex of all the adults and most 
of the nestlings (sample sizes below) using the methods 
described in the Supplemental Methods.

Movement data
We collected data on the movement behavior of adult 
owls using a reverse-GPS ATLAS tracking system [58, 
59]. Tags were attached to adult owls using a Teflon back-
pack harness. Owls could be localized as often as once 
every four seconds, but often the frequency of localiza-
tion was less than the maximum. A variety of factors 
could temporarily obscure the signal of an ATLAS tag 
including the owl being in a place of poor coverage due 
to landscape features, the owl dropping to ground level 
when hunting, and the signals being jammed by com-
munication disturbances. However, the resulting data 
can still include tens of thousands of localization records 
[48]. Only data pertaining to nighttime (an hour before 
sunset until an hour after sunrise) were included in our 
analysis, because barn owls in Israel are strictly nocturnal 
and remain entirely inactive during daylight hours, initi-
ating hunting activity only post-sunset and returning to 
their roosts prior to sunrise. A speed and median filter 
were implemented on the data to eliminate/correct any 
erroneous points [60]. We summarized the movement 
data during a 13-day window that began the day after the 
capture of the adult owl to prevent any effect of capture 
on subsequent movement behavior from impacting the 
results. We set a minimum threshold level of data per day 
by excluding any days with less than 20% of the expected 
number of localizations. The average number of effective 
days of data was 8 days, with a range from 2 to 13 days.

Owls may spend significant amounts of time near 
the nest, performing important tasks such as monitor-
ing for predators and feeding the nestlings or waiting to 
feed them. The amount of time in attendance near the 
nest could increase opportunities for direct microbial 
exchange through behaviors like feeding and groom-
ing, as well as indirect exchange such as the transfer of 
microbes into/from the local environment. We measured 
the percentage of time the owl was at the nest box to 
quantify the amount of time the adult owl was in close 
proximity to the nestlings. The percentage of time at the 
nest box was calculated by dividing the number of obser-
vations in which the owl was within a 100  m radius of 

the nest by the total number of observations. Movement 
data were obtained for 10 mothers and 9 fathers from 
experimental nests and 14 mothers and 6 fathers from 
unmanipulated nests. We used an arcsin square root 
transformation of the percentage of time at the nest box 
to improve the fit of the data to a normal distribution in 
our statistical tests, but we used the more comprehend-
ible untransformed metric when visualizing the data in 
the figures.

DNA extraction and sequencing
Bacteria in DNA extraction kits can lead to confound-
ing batch effects if biological groups of samples are 
separately processed with different kits [61, 62]. There-
fore, swabs were randomly assigned to different sets of 
samples for DNA extraction together. To identify con-
taminants, we included nine negative control tubes that 
did not have a swab added to them, but each tube went 
through the extraction procedure alongside a set of owl 
samples. We also included two blank controls, which 
were UltraPure distilled water (Invitrogen) that did 
not go through the DNA extraction process but went 
through the PCR amplification procedures. DNA extrac-
tion was performed with Qiagen PowerLyzer PowerSoil 
DNA Kits (see Supplemental Methods). The V4 region 
of the 16S rRNA gene was amplified for each sample at 
the Argonne Sequencing Center with triplicate PCRs (see 
Supplemental Methods) and then sequenced on a 150 bp 
paired-end run of an Illumina HiSeq 2500 machine. Most 
of the PCRs for the adult owls studied previously [48] 
were sequenced again alongside the nestling samples to 
achieve a higher sequencing depth. We excluded adult 
samples that were not resequenced with the nestlings, 
because exploratory analyses suggested that the earlier 
MiSeq data was not comparable to the HiSeq data.

Sequence data processing
The 16S rRNA gene sequence data were processed in R 
[63] using the pipeline of Callahan et al. [64] to determine 
the frequency of different amplicon sequence variants 
(ASVs) [65]. After removing the initial 10 bases of each 
read, we used DADA2 [66] to infer ASVs from a com-
bined pool of all of the sequence data. Then paired reads 
were merged, chimeric sequences were filtered out, and 
the sequences were classified with the SILVA 138.1 tax-
onomy database [67, 68] obtained from ​h​t​t​​p​:​/​/​​b​e​n​​j​j​​n​e​b​.​g​i​
t​h​u​b​.​i​o​/​d​a​d​a​2​/​t​r​a​i​n​i​n​g​.​h​t​m​l​​​​​. The sequences were aligned 
with DECIPHER [69] in order to infer a maximum like-
lihood phylogeny in phangorn [70]. We used phyloseq 
[71] to combine the ASV table, the taxonomic informa-
tion, the phylogeny, and metadata about the samples for 
subsequent data analyses. We used decontam [72] with 
a 0.5 prevalence filter threshold to filter out ASVs that 
were more prevalent in the negative and blank controls 

http://benjjneb.github.io/dada2/training.html
http://benjjneb.github.io/dada2/training.html


Page 6 of 18Corl et al. Animal Microbiome            (2024) 6:77 

than in the biological samples, which led to 1105 ASVs 
being removed and 16,361 ASVs being retained. We 
also excluded ASVs classified as mitochondria or chlo-
roplasts, ASVs not classified to a phylum, and any non-
bacterial ASVs. After filtering, the average number of 
reads across samples was 143,260, with a minimum of 
169 and a maximum of 429,644 per individual. The sam-
ples with the lowest numbers of reads had low post-PCR 
concentrations after 16S rRNA gene amplification, which 
suggested they had sample quality issues. The sample 
with the lowest number of reads but with good aver-
age post-PCR amplification (> 9 ng/µL) had 9912 reads. 
Thus, we excluded eight samples with less than 9000 
reads. To standardize the data [73], we rarified the data 
(random number seed = 999) so that each sample had the 
same amount of sequencing data (9912 reads). We then 
excluded two samples whose identity was uncertain, four 
duplicates where the same sample was run twice, and all 
samples (16 in total) with poor post-PCR concentrations 
(< 9 ng/µL), which tended to have abnormally low alpha 
diversity and are considered failed libraries by Argonne 
National Labs.

Our final dataset had the following sample sizes. For 
cloacal swabs from adults, we had 72 female samples 
from 54 unique individuals and 26 unique male samples 
(males were only sampled once). We filtered the data so 
that only a single sample per adult female was used, keep-
ing the sample taken at the closest time to when the old 
nestlings were sampled, to avoid having duplicate adult 
female samples in our analyses. For the comparisons of 
old nestlings to their parents, we had data for 12 experi-
mental fathers, 15 experimental mothers, 18 unmanipu-
lated mothers, and 8 unmanipulated fathers. For cloacal 
swabs from nestlings, we had 85 females, 62 males, and 
28 individuals of unknown sex. For the nestling cloacal 
swab samples, there were 61 control (36 young, 25 old), 
46 cross-foster (27 young, 19 old), 12 excluded (old, see 
above), and 56 unmanipulated (old). For oral swabs from 
nestlings, there were 60 control (39 young, 21 old) and 45 
cross-foster (30 young, 15 old) samples, which included 
47 females, 32 males, and 26 individuals of unknown sex.

Statistical tests
We used R 4.0.4 [63] for our statistical tests and visual-
ized the data with the R-packages ggplot2 [74], ggthemes 
[75], and gridExtra [76]. We used the typical significance 
threshold of α < 0.05 for our tests. Four of our hypotheses 
were directional (i.e. Increased Alpha Diversity, Increased 
Microbiota Change, Higher Similarity to Mothers than 
Fathers, Reduced Similarity to Parents with Cross-fos-
tering), which would justify the use of one-tailed tests. 
However, we used the more conservative two-tailed tests 
for these hypotheses to help offset any increased risk of 
false positives that came from repeating our tests across 

different metrics of the microbiota (see below). We used 
the plot function of lmne to examine the fitted values ver-
sus the standardized residuals to look for heteroscedas-
ticity and the qqnorm function to assess the normality of 
the standardized residuals. The only issue with the resid-
uals that we detected was caused by an extreme outlier 
identified in the oral swab data, which was dealt with by 
analyzing the data with and without the inclusion of the 
outlier. Extreme outliers were identified with the R-pack-
age rstatix [77] using boxplot methods.

We measured the alpha diversity of the samples using 
two metrics: the observed number of ASVs (which we 
refer to as “observed diversity”) and the Chao1 estimator 
of the number of species [78, 79], which in our case esti-
mates the total number of ASVs of the bacterial commu-
nity (i.e., observed ASVs plus an estimate of ASVs missed 
in the sample). Both metrics were log10 transformed and 
the transformed data sufficiently approximated a normal 
distribution as assessed with histograms and qqplots. 
The observed and Chao1 metrics were highly correlated 
(e.g. for young nestling cloacal swabs R2 = 0.85, old nest-
ling cloacal swabs R2 = 0.86, both P < 1 × 10− 15) so we only 
report the tests with log10 observed ASV diversity (here-
after solely referred to as observed diversity) unless there 
was a discrepancy between the two metrics, in which 
case some caution is warranted because the results are 
dependent upon the particular assumptions behind how 
the metrics are calculated. To test whether the following 
factors were associated with alpha diversity, we used lin-
ear mixed-effects models implemented in nlme [80] and 
summarized with the Anova function from the car pack-
age [81] with mass as a covariate to account for the devel-
opment of the owls and random intercepts for the natal 
nest box to control for the shared natal environment and 
genetics of related nestlings. We tested whether alpha 
diversity differed between experimental treatments (i.e., 
control and cross-fostered nestlings) to test the Increased 
Alpha Diversity Hypothesis. We tested the Increased 
Microbiota Change Hypothesis by determining whether 
the change in alpha diversity (old minus young alpha 
diversity) was associated with experimental treatment 
using nestlings that had data from both the young and old 
time points and with the change in mass as a covariate. 
We also tested whether the alpha diversity of the mother, 
alpha diversity of the father, percent of time the mother 
was at the nest box, and percent of time the father was 
at the nest box were related to nestling alpha diversity 
at the old time point (i.e. testing the Higher Similarity 
to Mothers Hypothesis and Parental Movement Ecology 
Hypothesis). We tested whether male and female nest-
lings had different alpha diversity (Sexual Differentiation 
Hypothesis) with a dataset that excluded nestlings with 
undetermined sex. We tested whether the alpha diver-
sity of young nestlings, old nestlings, and adults differed 
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from one another (Developmental Changes Hypothesis). 
For nestlings with data from both time points, we tested 
whether there was a correlation between their young and 
old alpha diversity, with their mass when old as a covari-
ate (Developmental Changes Hypothesis).

We quantified the differences and changes in bacterial 
community compositions (i.e., beta diversity) in phylo-
seq using the Jaccard, Bray-Curtis, unweighted UniFrac, 
and weighted UniFrac metrics. These metrics vary in 
how they quantify dissimilarities in ecological communi-
ties, thereby allowing us to explore whether our results 
changed with methodology and what aspects of the 
bacterial communities (i.e. presence/absence vs. abun-
dance of taxa) differed among groups [82]. Jaccard and 
unweighted UniFrac consider only the presence/absence 
of ASVs whereas Bray-Curtis and weighted UniFrac also 
utilize information on the abundance of the ASVs (i.e. 
how many reads are assigned to each ASV, which pro-
vides data about how common an ASV is in a sample). 
Unweighted and weighted UniFrac additionally incorpo-
rate phylogenetic distance between ASVs when calculat-
ing distances [82, 83]. We used Jaccard as the primary 
metric in the paper, but report the other metrics to iden-
tify situations in which: (1) all methods are concordant 
and the results are robust to choice of methodology, (2) 
Jaccard and unweighted UniFrac show similar results, 
but differ from Bray-Curtis and weighted UniFrac, which 
means that ASV abundance information changes the 
patterns, and (3) only a single metric shows a significant 
pattern and the results therefore depend on the particu-
lar assumptions of that metric. Conducting the same test 
with four different metrics increases the risk of a false 
positive due to the multiple tests. Standard approaches 
for adjusting P-values for multiple testing, like the Dunn-
Šidák method, assume that the tests are independent 
from one another [84], but our multiple tests are not 
independent from one other, because the four metrics 
utilize the same underlying data and thus can be corre-
lated. Therefore, we report the P-values without a multi-
ple testing correction, but interpret P-values close to 0.05 
with caution and not as definitive support. We quanti-
fied dissimilarities in bacterial community compositions 
between groups of interest (e.g. paired nest boxes, males 
and females, age groups), changes in the microbiota over 
time within an individual (young vs. old time points 
for a nestling), and differences between the microbiota 
of a nestling and its mother or father. We used a linear 
mixed-effects model in nlme to test whether the degree 
of dissimilarity in beta diversity between the young and 
old time points for an individual was correlated with the 
experimental treatment along with random intercepts for 
the natal nest to test the Increased Microbiota Change 
Hypothesis. We conducted similar models with ran-
dom intercepts for the natal nest to test if the microbial 

community dissimilarity between nestlings and their 
parents: (1) differed for their mother and father (Higher 
Similarity to Mothers Hypothesis), (2) was related to the 
percent of time a parent was at the nest (Parental Move-
ment Ecology Hypothesis), and (3) differed between 
control and cross-fostering nestlings (Reduced Similar-
ity to Parents with Cross-fostering Hypothesis). We did 
not consider the Bray-Curtis metric for these three tests, 
because the Bray-Curtis distances between parents and 
offspring were not normally distributed and could not be 
transformed to match a normal distribution.

We tested whether groups of samples differed from one 
other with a permutational multivariate analysis of vari-
ance (PERMANOVA) using 9999 permutations, which 
was implemented with the adonis function in the R-pack-
age vegan [85]. In conjunction with these tests, we tested 
for homogeneity of group dispersions using the betadis-
per function in vegan, because PERMANOVA tests can 
be sensitive to both position of the group centroids as 
well as differences in group dispersion when the groups 
have unbalanced sample sizes [86]. We used these tests 
to evaluate whether the microbial communities of young 
nestlings differed from old nestlings, young nestlings dif-
fered from adults, and old nestlings differed from adults 
(Developmental Changes Hypothesis) as measured by 
the four different ecological community distance met-
rics. We similarly tested for differences between males 
and females (Sexual Differentiation Hypothesis) in sepa-
rate tests for young nestlings, old nestlings, and adults, 
but with individuals of unknown sex excluded. We also 
hypothesized that nestlings would have bacterial com-
munities differentiated by their natal nest environment 
before the cross-fostering experiment, but differences 
between the paired nests would decrease after cross-
fostering (Convergent Bacterial Community Composi-
tions Hypothesis). To test this, we: (1) subset the data to 
a single pair of nests between which nestlings had been 
exchanged, (2) tested whether the microbiota of young 
nestlings exhibited differences between the two nests 
before the experiment using Jaccard dissimilarity and 
PERMANOVA, and (3) tested whether the microbiota of 
old nestlings were differentiated by their natal nest or by 
the nest they lived in after cross-fostering using Jaccard 
dissimilarity and PERMANOVA. We similarly tested 
whether the microbiota of nestlings in pairs of unmanip-
ulated nests were distinct from one another to evaluate 
whether old nestlings are likely to show nest box differ-
ences when no exchanges between nests are made. If 
cross-fostering leads to a convergence in the microbiota 
of the nestlings, then we would expect that old nestlings 
in the experiment would show little differentiation by 
nest, but that old unmanipulated nestlings would be dif-
ferentiated by their nests because they did not have an 
exchange of nestlings. Alternatively, if we do not observe 
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differentiation by nest in both unmanipulated and experi-
mental nests, this would suggest that any convergence 
observed among old nestlings in the experiment may be 
due to age effects, but not necessarily bacterial exchange 
facilitated by cross-fostering. To accomplish the analysis 
of unmanipulated nestlings, we paired unmanipulated 
nest boxes that had similar brood sizes (i.e. differing by at 
most one nestling) when the offspring were 53 days old.

We used all nestling samples (i.e., cross-fostered, con-
trol, excluded, and unmanipulated nestlings) for com-
parisons between the sexes and different age classes and 
for tests comparing parents to offspring, but focused on 
just the control and cross-fostered nestlings when look-
ing for effects of the experiment. We restricted the tests 
comparing offspring to parents to just the nestlings at the 
old time point, because this allowed us to substantially 
increase our sample sizes by analyzing both unmanipu-
lated and experimental nestlings. The old nestlings were 
swabbed on average 29 days (min. = 16, max = 51) after 
their mother was swabbed and on average 24 days (min. 
= 14, max = 84) after their father was swabbed. Thus, all 
nestling samples post-date the adult samples and thus 
could reflect the exposure to the adult microbiota from 
an earlier date.

We visualized the differences between the cloacal and 
oral swab samples via a multidimensional scaling plot of 
Jaccard distances among the samples and via barplots of 
the top four most abundant bacterial phyla in the sam-
ples. Subsequent analyses were performed separately for 
the oral and cloacal swab samples, which we found had 
different microbial communities (see below). We were 
able to conduct more extensive analyses with the cloacal 
microbiota data, because oral swabs were limited to just 
experimental nestlings whereas cloacal swabs were col-
lected for experimental nestlings, unmanipulated nest-
lings, and adults.

Results
Oral and cloacal swab overview
The nestling oral and cloacal environments had highly 
distinct bacterial communities, with Jaccard distances 
distinguishing nearly all oral and cloacal samples from 
one another (Supplemental Fig.  1). The bacterial phyla 
Actinobacteroita, Bacteroidota, Firmicutes, and Proteo-
bacteria were abundant in both cloacal and oral com-
munities (Supplemental Fig. 2). However, barplots of the 
proportions of these phyla within each sample show that 
adult cloacal swabs had a high proportion of Actinobacte-
roita (Supplemental Fig. 2A), nestling cloacal swabs had 
a high proportion of Firmicutes (Supplemental Fig.  2B), 
and nestling oral swabs had a high proportion of Proteo-
bacteria (Supplemental Fig. 2C).

Testing the developmental changes hypothesis
Younger nestlings had higher observed bacterial diver-
sity than older nestlings for cloacal samples (Fig.  2A, 
Nobservations = 175, Nnests = 38, X2

1 = 7.63, P = 0.006) and 
the mass of the nestling was positively correlated with 
observed diversity (X2

1 = 12.43, P = 0.0004) in the model. 
There was no correlation between the observed bacte-
rial diversity at young and old time points for nestlings 
that had cloacal data at both sampling times (Nobservations 
= 35, Nnests = 15, X2

1 = 0.41, P = 0.52; Mass when old: 
P = 0.87). Nestlings had higher cloacal observed diversity 
than adult owls at both young (Fig. 2B, Nobservations = 141, 
Nnests = 54, X2

1 = 24.59, P = 0.0000007; mass P = 0.025) and 
old (Fig.  2C, Nobservations = 190, Nnests = 55, X2

1 = 13.70, 
P = 0.0002; mass P = 0.009) time points. Younger nest-
lings had higher observed bacterial diversity for oral 
swabs (Supplemental Fig.  3A, Nobservations = 105, Nnests = 
20, X2

1 = 6.07, P = 0.014; mass P = 0.61). This correlation 
with age group was stronger (Nobservations = 104, Nnests = 
20, X2

1 = 14.79, P = 0.00012) if a single extreme outlier 
was removed, which had the highest observed diversity 
of any other sample. There was no correlation between 
the observed diversity at young and old time points for 
all nestlings that had oral data at both sampling times 
(Nobservations = 32, Nnests = 13, X2

1 = 1.88, P = 0.17; Mass 
when old: P = 0.62), but there was a significant correlation 
if the previously identified extreme outlier was excluded 
(Supplemental Fig.  2B, Nobservations = 31, Nnests = 12, 
X2

1 = 5.69, P = 0.017; Mass when old: P = 0.010).
Young and old nestlings had significantly different 

cloacal bacterial community compositions for Jaccard 
(Fig. 2D, F1,173 = 2.59, P = 0.0001; dispersion P = 0.001) and 
the three other metrics of bacterial community composi-
tion (i.e. Bray-Curtis, unweighted UniFrac, and weighted 
UniFrac; all P = 0.0001). Although there were significant 
differences in dispersion for all comparisons except 
weighted UniFrac (P = 0.14), young and old nestlings were 
often separated by Axis 2 of a multidimensional scaling 
plot of their bacterial communities (Fig. 2D), which sug-
gests that they differ in more than just dispersion. Young 
and old nestlings also differed in their oral bacterial com-
munity compositions, which were significantly different 
for Jaccard (Supplemental Fig. 3C: F1,103 = 2.40, P = 0.0001; 
dispersion P = 0.17) and the three other metrics of bacte-
rial community composition (all P < 0.001). The cloacal 
bacterial community compositions of adults and young 
nestlings were significantly different for Jaccard (Fig. 2E, 
F1,141 = 4.49, P = 0.0001; dispersion P = 0.001) and the 
three other metrics of bacterial community composition 
(all P = 0.0001). Adults and old nestlings also had signifi-
cantly different cloacal bacterial communities for Jaccard 
(Fig. 2F, F1,191 = 4.89, P = 0.0001; dispersion P = 0.21) and 
the three other metrics of bacterial community composi-
tion (all P = 0.0001).
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Testing the sexual differentiation hypothesis
Male and female nestlings did not differ in cloacal 
observed diversity either when young (Nobservations = 
38, Nnests = 15, X2

1 = 2.73, Sex: P = 0.098, Mass: P = 0.89) 
or when old (Nobservations = 109, Nnests = 34, X2

1 = 0.76, 
Sex: P = 0.38, Mass: P = 0.02) and did not differ in oral 
observed diversity when young (Nobservations = 43, Nnests 
= 15, X2

1 = 0.46, Sex: P = 0.50, Mass: P = 0.96) or when 
old (Nobservations = 36, Nnests = 14, X2

1 = 1.86, Sex: P = 0.17, 
Mass: P = 0.78).

Adult male and female owls had significant differ-
ences in their cloacal bacterial community composi-
tions for unweighted UniFrac (F1,78 = 1.74, P = 0.003; 
dispersion P = 0.013) and Jaccard (F1,78 = 1.41, P = 0.013; 
dispersion P = 0.23) distances, but were not different for 
weighted UniFrac distances (F1,78 = 1.21, P = 0.27; disper-
sion P = 0.27) or for Bray-Curtis dissimilarity (F1,78 = 1.10, 
P = 0.31; dispersion P = 0.74). Therefore, we tested for sex 
differences in the nestlings using the unweighted UniFrac 
and Jaccard distances. For both metrics, there were no 
significant sex differences in the nestling cloacal or oral 

bacterial communities for either young or old nestlings 
(young nestling oral swabs with Jaccard had P = 0.086; all 
other P > 0.34).

Testing the increased alpha diversity hypothesis
Before the cross-fostering experiment began, the cloacal 
observed diversity did not differ between the nestlings 
assigned to the control and cross-foster groups (Fig. 3A, 
Nobservations = 63, Nnests = 20, X2

1 = 1.37, P = 0.24; nestling 
mass P = 0.042). Approximately three weeks after the 
cross-fostering manipulation, the cross-fostered nest-
lings had significantly higher observed bacterial diversity 
than the control offspring (Fig. 3B, Nobservations = 44, Nnests 
= 16, X2

1 = 4.13, Experiment: P = 0.042, Mass: P = 0.26), 
but this relationship was not significant when measured 
by Chao1 (Experiment: P = 0.099, Mass: P = 0.26). After 
cross-fostering, the control offspring had on average 306 
ASVs, whereas the cross-fostered offspring had an aver-
age of 375 ASVs. For oral swabs, there was no significant 
difference in observed diversity between the control and 

Fig. 2  Effects of age on the cloacal microbiota. (A–C): Alpha diversity in relation to both the mass (g) of the individual and its age class. Linear trend lines 
along with 95% confidence intervals in gray are depicted for each age group. (D–F): Changes in bacterial community composition with age as measured 
by Jaccard dissimilarity and plotted with multidimensional scaling with the percentage of variation explained by each axis given in brackets. Young nest-
lings = red points, old nestlings = blue points, and adults = black points. P-values within the plots are for the effect of age from linear mixed-effect models 
(panels A–C) and PERMANOVA tests (panels D–F)
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cross-fostered old nestlings (Nobservations = 36, Nnests = 14, 
X2

1 = 1.46, Experiment: P = 0.23, Mass: P = 0.71).

Testing the increased microbiota change hypothesis
The amount of change in observed diversity (i.e. alpha 
diversity) between old and young time points was not 
influenced by experimental treatment (Nobservations = 
35, Nnests = 15, X2

1 = 1.33, Experiment: P = 0.25, Mass 
Change: P = 0.31). However, cross-fostered nestlings had 
greater changes in their cloacal microbial community 

compositions (i.e. beta diversity) between the young and 
old time points than control nestlings (Fig. 4, Supplemen-
tal Fig. 4), which was significant for Jaccard (Nobservations 
= 35, Nnests = 15, X2

1 = 5.08, P = 0.024), Bray-Curtis 
(X2

1 = 4.21, P = 0.040), and weighted-UniFrac (X2
1 = 6.87, 

P = 0.009), with a similar, but not significant, trend for 
unweighted UniFrac (X2

1 = 3.54, P = 0.060). Control and 
cross-fostered nestlings did not significantly differ in 
changes to their oral bacterial communities between 
young and old time points for Jaccard (Nobservations = 32, 
Nnests = 13, X2

1 = 0.14, P = 0.71) and the other three met-
rics of bacterial community composition (all P > 0.2).

Testing the convergent bacterial community compositions 
hypothesis
We used Jaccard distance to further explore how the 
cloacal bacterial communities changed in the nestlings 
from each separate pair of nests in the cross-fostering 
experiment. We tested whether the pairs of experimen-
tal nests had distinct microbial communities from one 
another before and after the cross-fostering experiment. 
Before the experiment, the nestlings’ microbiota was dif-
ferentiated by their nest of origin, because there was no 
overlap between nestlings from different nests in multi-
dimensional scaling plots of their microbial communi-
ties (Fig.  5, plots of young nestlings). Although there 
were clear differences between the pairs of nests before 
the experiment (Fig. 5), the power of the PERMANOVA 
tests to evaluate these differences appeared to depend 
on the sample size of nestlings in the test (i.e. the total 
number of nestlings in the pair of nests). The differences 
between nests were significant for the three pairs of nests 
with the largest sample sizes of offspring (Fig. 5A, C, E; 
Table  1; nests 130 & 215: N = 8, P = 0.030, nests 151 & 
232: N = 7, P = 0.029, nests 218 & 223: N = 8, P = 0.031). 

Fig. 4  Change in the microbial community composition in relation to the 
cross-fostering experiment. The amount of change in the microbiota for 
each individual nestling when it was young vs. old was measured by the 
Jaccard metric and then summarized across individuals with boxplots. The 
P-value is for the test of whether control and cross-foster offspring differed 
from one another. This test had 20 controls and 15 cross-fostered nestlings. 
The boxplots show the median as a thick line within boxes of the 25th and 
75th percentiles, with whiskers for the minimum and maximum, and the 
outlier as a separate point

 

Fig. 3  Alpha diversity before and after the cross-fostering experiment. The boxplots show the median as a thick line within boxes of the 25th and 75th 
percentiles, with whiskers for the minimum and maximum, and outliers as separate points. P-values within the plots are for the test of whether control 
and cross-foster offspring differed from one another. The sample sizes are 36 control and 27 cross-foster nestlings in 20 nests in the Before Cross-Fostering 
plot (A) and there are 25 control and 19 cross-foster nestlings in 16 nests in the After Cross-Fostering plot (B)
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Fig. 5  The microbial community composition of the offspring within nests that were paired in the cross-fostering experiment. Each pair of nests (num-
bers above graphs) is shown at the initial time point before the cross-fostering experiment when the nestlings were young (left) and after cross-fostering 
when the nestlings were ~ 3 weeks older (right). Nestlings are denoted by their initial nest and experimental category, with Nest 1 control = orange 
circles, Nest 1 cross-fostered = red triangles, Nest 2 control = black circles, Nest 2 cross-fostered = blue triangles. The number of points between the plots 
for young and old nestlings typically differs because of nestling mortality, but sometimes points are missing due to lack of data for an individual at a par-
ticular time point. No plots are given for old nestlings in plots I and J, because of nestling mortality. The Jaccard dissimilarity for each pair of nests at each 
time point was separately calculated and plotted with multidimensional scaling, with the percentage of variation explained by each axis given in brackets
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Nest pairs with a sample size of at least five nestlings had 
P-values ≤ 0.10 (Fig. 5B, D, F-I; Table 1; nests 128 & 250: 
N = 7, P = 0.057, nests 166 & 212: N = 6, P = 0.067, and the 
other three nest pairs had P = 0.100), and a nest pair with 
only four nestlings had P = 0.25 (Fig. 5J, nests 222 & 237). 
In contrast, after the experiment no significant microbial 
community differences were detected among nestlings 
grouped either by their natal nest box or by the nest box 
where nestlings lived after the cross-fostering experi-
ment for any of the nest pairs, even for pairs of nests with 
the largest (N = 8) sample sizes (Fig. 5, plots of old nest-
lings; Table  1). Often the nests were no longer distinct 
because of the grouping of cross-fostered offspring with 
the nestlings of their new nest (Fig.  5B, C, F, G), which 
is the expected pattern of change if cross-fostered off-
spring have bacterial communities that converge towards 
their new nest environment. However, there was a case 
of a control offspring grouping with the offspring of the 
other nest (Fig.  5A), a pattern which could arise from 
bacterial transfer from a cross-fostered nestling to a non-
related control nestling in its adopted nest. Determining 
the direction of change of the microbial communities is 
difficult in the remaining nests due to complex patterns 
of change (Fig.  5D, but note some similarity of control 
offspring) or lack of sufficient numbers of surviving off-
spring to discern the effects of the experiment (Fig.  5E, 
H, I, J).

The change from distinct microbial communities 
before cross-fostering to indistinct communities after 
the cross-fostering could be due to microbial exchange 
among the nests facilitated by the movement of cross-
fostered offspring or by changes to the microbial commu-
nities as the nestlings aged. To distinguish between these 
scenarios, we assessed whether old nestlings in pairs of 
unmanipulated nests were distinct from one another (i.e. 

whether there was a significant effect of the nest on the 
microbial communities). Multi-dimensional scaling plots 
of the unmanipulated nests (Supplemental Fig. 5) showed 
that nestlings were highly distinguished by their nest of 
origin for five pairs of nests (Supplemental Fig.  5A-E), 
with clustering by the nest of origin also apparent, but 
less pronounced, in the remaining two pairs of nests 
(Supplemental Fig.  5F-G). Five pairs of unmanipulated 
nests had significant differences in bacterial communities 
from one another (Supplemental Table 1, Supplemental 
Fig.  5A-E), one pair had a nearly significant difference 
(P = 0.059, Supplemental Fig.  5F), and one pair was not 
significantly different (P = 0.67, Supplemental Fig.  5G), 
but only had a sample size of four nestlings.

Testing the higher similarity to mothers than fathers 
hypothesis
We examined whether parents had similar microbiota to 
their biological offspring using data for all old nestlings. 
The cloacal observed bacterial diversity of nestlings was 
not significantly related to the observed diversity of their 
mother (Fig. 6A, Nobservations = 111, Nnests = 33, X2

1 = 3.38, 
P = 0.066; Mass P = 0.036), but a borderline significantly 
positive correlation was observed when Chao1 was 
used (Supplemental Fig.  6A, X2

1 = 4.09, P = 0.043; Mass 
P = 0.093). The cloacal observed diversity of nestlings 
was not correlated with the observed diversity of their 
father (Supplemental Fig.  6B, Nobservations = 69, Nnests = 
20, X2

1 = 0.02, P = 0.885; Mass P = 0.21). Comparisons of 
cloacal bacterial community compositions showed that 
old nestlings were significantly more distant from their 
father than their mother for Jaccard (Fig. 6B, Nobservations = 
180, Nnests = 33, X2

1 = 19.17, P = 0.00001), and unweighted 
UniFrac (X2

1 = 24.84, P = 0.0000006), but were not 

Table 1  Tests of whether the nests that were paired in the cross-fostering experiment had nestlings with different microbial 
community compositions. PERMANOVA tests of Jaccard dissimilarities among nestlings were performed to evaluate differences 
among the nest boxes (i.e., box F and P-value). The dispersion P-value comes from a test of homogeneity of group dispersions. 
Independent sets of tests were performed for young nestlings and old nestlings. Old nestlings were tested to determine whether they 
were differentiated by either their natal nest box (1st nest box) or by the nest box where they were raised during the cross-fostering 
experiment (2nd nest box). The sample size (N) of nestlings in the test is the sum of all the nestlings in the pair of nests. The two tests 
with the old nestlings had the same sample sizes
Nest groups Young N Young nestlings 1st box Old N Old nestlings 1st box Old nestlings 2nd box

Box F Box P Dispersion P Box F Box P Dispersion P Box F Box P Dispersion P
130 & 215 8 1.86 0.030 0.536 8 1.24 0.142 0.025 1.12 0.285 0.978
111 & 227 6 1.91 0.100 0.401 6 0.98 0.500 0.001 1.29 0.067 0.268
151 & 232 7 1.73 0.029 0.722 5 1.05 0.400 0.308 1.17 0.200 0.008
211 & 217 6 1.53 0.067 0.001 8 1.02 0.464 0.387 1.22 0.116 0.934
218 & 223 8 1.79 0.031 0.538 4 1.03 0.500 0.042 1.14 0.250 0.042
220 & 221 5 1.33 0.100 0.008 4 0.95 1.000 0.042 1.10 0.333 0.042
131 & 132 6 1.51 0.100 0.101 5 0.97 0.700 0.008 1.56 0.200 0.008
128 & 250 7 1.59 0.057 0.348 3 NA NA NA 1.13 0.333 0.167
166 & 212 6 1.71 0.067 0.001 0 NA NA NA NA NA NA
222 & 237 4 1.44 0.250 0.042 0 NA NA NA NA NA NA
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significantly different with weighted-UniFrac: X2
1 = 0.83, 

P = 0.36), which incorporates bacterial abundance.

Testing the reduced similarity to parents with cross-
fostering hypothesis
There were no significant effects of the cross-fostering 
experiment on the Jaccard distance between the old nest-
lings and their mother (Supplemental Fig. 6E, Nobservations 
= 43, Nnests = 15, X2

1 = 1.55, P = 0.21) or their father (Sup-
plemental Fig. 6F, Nobservations = 31, Nnests = 12, X2

1 = 0.016, 
P = 0.90) or any of the three other metrics of bacterial 
community composition (all P > 0.22).

Testing the parental movement ecology affects microbial 
similarity to offspring hypothesis
The cloacal observed diversity of nestlings was not cor-
related with either the percent of time spent at the nest 
by the father (Nobservations = 56, Nnests = 15, X2

1 = 0.18, 
P = 0.67; Mass P = 0.51) or by the mother (Nobservations 
= 81, Nnests = 24, X2

1 = 0.08, P = 0.77; Mass P = 0.17). 
There was a marginally significant negative correlation 
between the distance of the bacterial communities of old 
nestlings to their father and the percentage of time the 
father spent at the nest box for unweighted UniFrac (All 
data: Nobservations = 56, Nnests = 15, Supplemental Fig. 6D, 
X2

1 = 4.10, P = 0.043), the relationship was marginally 
nonsignificant for Jaccard (Fig.  6C, X2

1 = 3.48, P = 0.062), 
and no significant relationship was found for weighted 
UniFrac (X2

1 = 1.66, P = 0.20). This suggests that fathers 
that spent more time near the nest box may have more 
similar microbiota to their offspring in terms of the 
presence/absence of bacterial species, but not in terms 
of bacterial abundance. In contrast, no correlation was 

found between the microbiota distance of old nestlings 
to their mother and the percentage of time the mother 
spent at the nest box for Jaccard (Supplemental Fig. 6C, 
Nobservations = 81, Nnests = 24, X2

1 = 0.04, P = 0.84) or either 
UniFrac metric (both P > 0.36).

Discussion
Our cross-fostering experiment revealed that microbial 
communities within barn owl nestlings rapidly change in 
response to differences in the host environment. Three 
aspects of the cloacal bacterial communities of the nest-
lings changed in response to the experiment. First, we 
found that cross-fostered offspring had higher bacterial 
diversity than control offspring that remained in their 
natal nest (Increased Alpha Diversity Hypothesis margin-
ally supported with observed bacterial diversity, Fig.  3). 
Second, cross-fostered offspring had greater changes in 
their microbial community composition (beta diversity) 
than control nestlings (Increased Microbiota Change 
Hypothesis supported, Fig.  4). However, increased 
changes in the microbiota were not observed for alpha 
diversity (Increased Microbiota Change Hypothesis 3 
not supported for alpha diversity), which suggests that 
alpha and beta diversity respond differently to changes 
in the environment. Third, pairs of nests in the cross-
fostering experiment started with the nestlings’ microbi-
ota differentiated by their nest box, but these differences 
decreased after cross-fostering (Convergent Bacte-
rial Community Compositions Hypothesis supported, 
Fig.  5), whereas unmanipulated nests maintained their 
distinctiveness (Supplemental Fig.  5). All these changes 
occurred over just the three-week period of the cross-
fostering experiment. Similarly rapid changes have been 

Fig. 6  Relationships between the microbiota of the nestlings with their parents. (A) The relationship between the observed diversity of the nestlings with 
observed diversity of their mother. (B) The Jaccard distance between nestlings and each of their parents summarized across individuals with boxplots. The 
P-value is from a test of whether nestlings have different distances to their fathers and mothers. (C) Relationship between the percent of time an adult 
male spent at the nest and the Jaccard distance between that male’s microbiota and each of his nestlings. Panels A and B include linear trend lines along 
with 95% confidence intervals in gray and P-values for the correlation. The boxplots in panel C show the median as a thick line within boxes of the 25th 
and 75th percentiles, with whiskers for the minimum and maximum, and outliers as separate points
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observed in a cross-fostering study of great tits (Parus 
major) in which cross-fostered offspring had greater 
changes in microbial community composition than con-
trol nestlings in only seven days [39]. In addition, a study 
of captive zebra finches (Taeniopygia guttata) found that 
cross-fostered juveniles had greater similarity to their 
foster relatives than to their biological relatives in only 
five days [28]. Thus, cross-fostering studies like ours pro-
vide experimental evidence demonstrating that bacterial 
communities are quite dynamic and can quickly respond 
to new environmental conditions.

The cross-fostering experiment suggests that the social 
or nest environment or both must play a substantial role 
in the microbiota of the nestling barn owls. Nest mate-
rial can house bacteria that are shared with the internal 
and external microbiota of individuals at the nest [87], 
so exposure to a new nest could potentially alter the host 
microbiota. The social environment of nestlings is also 
likely to be important, because nestlings spend a substan-
tial amount of time in close proximity with one another 
and their mother, a situation that is conducive to bacterial 
exchange [17, 40]. Previous studies that have manipulated 
the social environment by cross-fostering have observed 
that the microbial communities of cross-fostered off-
spring can converge in composition toward their host 
families [34, 39, 43], can maintain the composition of the 
original nest [47], or can initially converge towards the 
host family but later diverge in species specific ways [28]. 
We observed the convergence of the bacterial communi-
ties (beta diversity) of cross-fostered offspring with their 
new family in multiple pairs of nests (Fig.  5B, C, F, G) 
and this pattern could occur by the cross-fostered nest-
lings gaining bacteria from their new nest environment 
or from their adopted siblings or parents. However, when 
considering the data from all the nests, the exchange of 
bacteria among nestlings must be part of the explana-
tion for the increased similarity among the old nestlings 
in our experiment because of the following observations. 
In studies of the microbiota, the effects of a partial cross-
fostering manipulation are not restricted to the offspring 
moved to a new nest, because bacterial exchange is pos-
sible among all nestlings, including from cross-fostered 
nestlings to the control nestlings in their new nest. We 
observed two instances (Fig. 5A, D) in which the control 
offspring from different nests resembled each other more 
after the experimental manipulation than before the 
manipulation. The most likely way for this convergence 
to occur is through microbial exchange among nestlings 
(e.g. transfer of microbes from a cross-fostered nestling 
originally from nest 1 to a control offspring in nest 2), 
because the nest material and adults at the nest did not 
change for the control offspring.

We observed multiple potential links between the 
microbiota of nestlings and their parents. The strongest 

pattern was that the composition of nestling microbial 
communities (i.e. beta diversity) was more similar to 
those of their mother than their father when measured by 
the presence/absence of bacterial ASVs (Higher Similarity 
to Mothers Hypothesis supported, P = 0.00001 Fig.  6B). 
This pattern likely results from the mother owl remain-
ing at the nest box with the offspring when the offspring 
are young, whereas the father forages for the family [55]. 
The mother must influence which bacteria live in the 
nestlings, but not the abundance of those bacteria, given 
that this pattern was highly significant for Jaccard and 
unweighted UniFrac but was not significant for weighted 
UniFrac. Unlike beta diversity, we only observed sugges-
tive links between the alpha diversity of parents and their 
offspring. The cloacal Chao1 diversity of nestlings and 
their mothers was marginally correlated (Supplemental 
Fig.  6A, P = 0.043), but this relationship was nonsignifi-
cant for observed bacterial diversity (Fig.  6A, P = 0.066) 
and no significant relationship was found for fathers. We 
observed that fathers who spent more time at the nest 
box may have more similar microbiota to their offspring 
in terms of the presence/absence of ASVs because a mar-
ginally significant correlation was found for unweighted 
UniFrac (P = 0.043, Supplemental Fig.  6D) and the Jac-
card metric had a similar but nonsignificant P-value 
(P = 0.062, Fig. 6C). It may be unlikely for adult traits to 
have strong effects on their offspring’s microbiota (at 
least for alpha diversity) given the observation that nest-
lings have very different microbiota than adults (Fig. 2). 
Nonetheless, the observation that the microbial com-
munities (i.e. beta diversity) of nestlings are much more 
similar to their mother than their father provides clear 
evidence that the proximity of family members can facili-
tate the convergence of their microbiota, either because 
of social transmission of bacteria among family mem-
bers or due to sharing a similar microbial environment. 
Studies of humans suggest that social transmission may 
be particularly important, because not only do the micro-
biota of the people sharing a house come to resemble one 
another, but the home environment is also affected by the 
microbiota of the people living there [17]. Close contact 
amongst individuals can promote microbial exchange, 
because similarities in microbial communities have been 
observed in grooming partners in baboons [37], mated 
kittiwakes (Rissa tridactyla) [36], mammalian preda-
tors and prey [18], and mice pups with the mother that 
nursed them [34]. Although we did not find an effect of 
the cross-fostering experiment on the similarity between 
the microbial communities of offspring and their biologi-
cal parents (Reduced Similarity to Parents with Cross-
fostering Hypothesis rejected, Supplemental Fig.  6E, F), 
this does not preclude social transmission from adults 
to nestlings. Instead, it may mean that more than three 
weeks is needed to detect any social transmission of 
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bacteria from adults to nestlings or that social trans-
mission from mothers to offspring decreases when the 
mother resumes hunting and thus spends more time out-
side of the nest.

We observed a suggestive pattern (unweighted Uni-
Frac: P = 0.043; Jaccard: P = 0.062) that nestlings had more 
similar microbial communities to their fathers when 
the father spent a greater proportion of his time close 
to the nest box (Parental Movement Ecology Hypothesis 
marginally supported, Fig.  6C, Supplemental Fig.  6D). 
When a male spends more time at the nest, there could 
be increased social transmission of bacteria between the 
father and offspring. Alternatively, fathers that spent sub-
stantial time away from the nest may have lower simi-
larity to the offspring because they are more likely to be 
colonized by bacteria from diverse environments. The 
lack of a correlation between the mother’s time at the nest 
and the similarity of her microbiota to her nestlings (Sup-
plemental Fig. 6C) may be due to social transmission of 
bacteria having already occurred from the mother to off-
spring (Fig. 6A, B) when the female remained restricted 
to the nest during the early part of the nestlings’ lives 
or later when she continued to feed the nestlings. Our 
observations add to a growing body of literature that has 
assessed how the movement behavior of a host relates 
to their microbiota. Differences in microbiota have been 
linked to host migratory behavior [22–24], social inter-
actions that result in bodily contact [35, 37], and host 
locomotion activity [88]. Our prior work on adult barn 
owls found that the bacterial alpha diversity of the host 
was higher when the owl traveled a greater distance away 
from the nest [48]. Taken together, these observations 
suggest that data on host movement patterns can provide 
insights into the community composition and diversity of 
the microbiota.

We did not observe differences in the microbiota 
of male and female nestlings (Sexual Differentiation 
Hypothesis rejected). Adult owls exhibit sexual differen-
tiation in their microbiota, because the two sexes differ in 
microbial community composition and males have lower 
bacterial diversity than females [48]. These patterns may 
not be observed in nestlings because they harbor distinct 
microbiota from adults (Fig. 2). The sex differences in the 
microbiota of adults could arise because of hormonal dif-
ferences between male and females that only arise later 
in life [25]. In addition, nestlings of both sexes are likely 
to have similar behaviors in the nest, but behavioral dif-
ferences during breeding could affect the environmental 
exposure of adults to bacteria, because mothers roost 
inside the nest boxes more frequently than fathers, and 
males hunt throughout the entire breeding period in 
contrast to females that predominantly hunt when the 
nestlings are older. Whatever the cause, the lack of sex 
differences in the microbiota of nestlings shows that 

sex differences in the microbiota are not inherent to 
barn owls and must arise because of later differentiation 
between males and females. A similar pattern has been 
observed in barn swallows (Hirundo rustica) in which 
adults exhibited differences in microbial community 
composition, but nestlings did not exhibit such differ-
ences [52].

We observed major shifts in the microbiota related to 
the developmental stages of the owls (Developmental 
Changes Hypothesis supported). Young and old nestlings 
had different bacterial alpha diversity and community 
composition (beta diversity) compared to each other and 
to adults (Fig.  2, Supplemental Fig.  2). The differences 
in community composition were robust across multiple 
metrics of community dissimilarity and were found in 
both cloacal and oral microbial communities (Supple-
mental Fig.  3C). The changes in the microbiota from 
young to old nestlings were sufficiently large that there 
was no correlation in cloacal alpha diversity between 
these two time points. Similarly large shifts in microbi-
ota with development have been observed in other stud-
ies of birds. Our observation of higher alpha diversity in 
nestlings compared to adults (Fig.  2B-C) has also been 
observed in captive zebra finches (T. guttata) and Ben-
galese finches (Lonchura striata), but higher diversity in 
adults was observed in barn swallows (H. rustica), house 
sparrows (Passer domesticus), and ostriches (Struthio 
camelus) [27–30]. Our observation of different microbial 
communities in nestlings compared to adults (Fig.  2E-
F) was also observed in all the bird species listed above. 
Early development is a period of profound morphologi-
cal, physiological, and immunological change (barn owls 
go from hatchlings to flying juveniles in around 60–65 
days), all of which could affect the microbiota. The 
microbiota could also be inherently dynamic during the 
establishment phase within a host if there are processes 
of ecological succession as bacteria establish in a new 
environment [32].

The nestling oral and cloacal bacterial communi-
ties were similarly influenced by nestling development, 
but generally were influenced by different factors. Both 
the oral and cloacal microbiota showed differences in 
observed alpha diversity (Fig. 2A, Supplemental Fig. 3A) 
and community composition (beta diversity) between 
young and old nestlings (Fig.  2D-F, Supplemental 
Fig.  3C). However, the observed alpha diversity of the 
oral microbiota showed a correlation between young 
and old time points (Supplemental Fig. 3B) and was not 
correlated with nestling mass, in contrast to the cloa-
cal microbiota. In addition, the cross-fostering experi-
ment did not affect the oral microbiota, whereas multiple 
effects of cross-fostering were observed on the cloacal 
microbiota. The oral and cloacal microbiota of the nest-
lings were quite different (Supplemental Figs.  1 and 2), 
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which could mean that different factors influence their 
microbial communities. Although the oral and cloacal 
environments are connected by an alimentary canal, dif-
ferent parts of the gastrointestinal tract often harbor dif-
ferent microbial communities [31, 89, 90].

Conclusions
Overall, our research shows that microbial communi-
ties substantially change during early development. Our 
cross-fostering experiment demonstrated that social 
interactions along with differences in the home environ-
ment of an individual can affect both the species diver-
sity and composition of the microbiota in a short period 
of time. Social transmission of bacteria was further sup-
ported by our observation that the microbial communi-
ties of nestlings were much more similar to those of their 
mother, with whom they have prolonged close contact, 
than to their fathers. Thus, some aspects of the microbi-
ota may reflect ongoing social and environmental trans-
mission, at least during the establishment phase of the 
microbiota. Cross-fostering offers a rare opportunity to 
experimentally manipulate wild animals to determine the 
influence of social, genetic, and environmental factors on 
their microbiota. Researchers should consider gathering 
microbial data when conducting cross-fostering studies, 
which would allow them to examine the microbiota as 
an additional important axis of biological variation that 
can influence the energy intake [5–7] and health of a host 
[8–12].

Supplementary Information
The online version contains supplementary material available at ​h​t​t​​p​s​:​/​​/​d​o​​i​.​​o​r​
g​/​1​0​.​1​1​8​6​/​s​4​2​5​2​3​-​0​2​4​-​0​0​3​6​5​-​w​​​​​.​​

Supplementary Material 1

Supplementary Material 2

Acknowledgements
Thanks to Hannah Newcombe, Miranda Lee-Foltz, Candace Wang, and Lydia 
Smith for help in the lab, and to Yoav Bartan, Carol Spencer, and Carla Cicero 
for help with importing samples.

Author contributions
RCKB, WMG, RN, PLK, and MC obtained funding for the study. MC, AC, PLK, 
RN, WMG, and RCKB designed the study. RN and S. Toledo developed and 
maintained the ATLAS system. MC performed all the field data collection. GR 
analyzed the movement data. S. Turjeman developed field sampling protocols 
and performed the lab work to determine the sex of the owls. AC performed 
the lab work on the microbiota samples, did the bioinformatics for the 
sequence data, and analyzed the microbiota data. AC wrote the paper with 
help from MC and GR, which was then revised by the other authors.

Funding
This work was supported by a NSF Ecology and Evolution of Infectious 
Diseases Grant No. 1617982, BSF Grant 2015904, ISF Grant 965/15, a doctoral 
scholarship from the Clore Israel Foundation to S.T., and by the Minerva Center 
for Movement Ecology.

Data availability
The sequence data generated for the owl microbiota have been deposited in 
the Sequence Read Archive (BioProject ID: PRJNA578383, Accession numbers 
in Additional File: “Barn_owl_nestling_paper_SRA_Accession_numbers.xlsx”) 
along with associated metadata about the owls [91]. The processed sequence 
data files and the R-scripts used to analyze the data have been made available 
on Dryad [92].

Declarations

Ethics approval and consent to participate
M. Charter conducted field work under permit 2017/41606 by the Israel 
National Protection Authority with the approval of the ethics committee of 
the Hebrew University (permit NS-16-14801-2) and University of California, 
Berkeley (AUP-2016-04-8665).

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Received: 15 May 2024 / Accepted: 11 December 2024

References
1.	 Bodawatta KH, Hird SM, Grond K, Poulsen M, Jønsson KA. Avian gut microbi-

omes taking flight. Trends Microbiol. 2022;30:268–80.
2.	 Smits SA, Leach J, Sonnenburg ED, Gonzalez CG, Lichtman JS, Reid G, Knight 

R, Manjurano A, Changalucha J, Elias JE, Dominguez-Bello MG, Sonnenburg 
JL. Seasonal cycling in the gut microbiome of the Hadza hunter-gatherers of 
Tanzania. Science. 2017;357:802–6.

3.	 Brucker RM, Bordenstein SR. The hologenomic basis of speciation: gut bacte-
ria cause hybrid lethality in the genus Nasonia. Science. 2013;341:667–9.

4.	 Lynch JB, Hsiao EY. Microbiomes as sources of emergent host phenotypes. 
Science. 2019;365:1405–9.

5.	 Gunasekaran M, Trabelcy B, Izhaki I, Halpern M. Direct evidence that sunbirds 
gut microbiota degrades floral nectars toxic alkaloids. Front Microbiol. 
2021;12:1–12.

6.	 Godoy-Vitorino F, Goldfarb KC, Karaoz U, Leal S, Garcia-Amado MA, Hugen-
holtz P, Tringe SG, Brodie EL, Dominguez-Bello MG. Comparative analyses 
of foregut and hindgut bacterial communities in hoatzins and cows. ISME J. 
2011;6:531–41.

7.	 Kohl KD, Weiss RB, Cox J, Dale C, Denise Dearing M. Gut microbes of mam-
malian herbivores facilitate intake of plant toxins. Ecol Lett. 2014;17:1238–46.

8.	 Ganz HH, Doroud L, Firl AJ, Hird SM, Eisen JA, Boyce WM. Community-level 
differences in the microbiome of healthy wild mallards and those infected by 
influenza A viruses. mSystems. 2017;2:1–15.

9.	 Choi ON, Corl A, Wolfenden A, Lublin A, Ishaq SL, Turjeman S, Getz WM, 
Nathan R, Bowie RCK, Kamath PL. High-throughput sequencing for examin-
ing Salmonella prevalence and pathogen-microbiota relationships in barn 
swallows. Front Ecol Evol. 2021;9:1–13.

10.	 Knutie SA, Wilkinson CL, Kohl KD, Rohr JR. Early-life disruption of amphib-
ian microbiota decreases later-life resistance to parasites. Nat Commun. 
2017:1–8.

11.	 Soler JJ, Martín-Vivaldi M, Peralta-Sánchez JM, Arco L. Juárez-García-Pelayo N: 
Hoopoes color their eggs with antimicrobial uropygial secretions. Naturwis-
senschaften. 2014;101:697–705.

12.	 Koch H, Schmid-Hempel P. Socially transmitted gut microbiota protect 
bumble bees against an intestinal parasite. Proc Natl Acad Sci USA. 
2011;108:19288–92.

13.	 Moeller AH, Caro-Quintero A, Mjungu D, Georgiev AV, Lonsdorf EV, Muller 
MN, Pusey AE, Peeters M, Hahn BH, Ochman H. Cospeciation of gut micro-
biota with hominids. Science. 2016;353:380–2.

14.	 McFall-Ngai MJ. The importance of microbes in animal development: lessons 
from the squid-Vibrio symbiosis. Annu Rev Microbiol. 2014;68:177–94.

15.	 Hird SM, Sánchez C, Carstens BC, Brumfield RT. Comparative gut microbiota 
of 59 neotropical bird species. Front Microbiol. 2015;6:1–16.

https://doi.org/10.1186/s42523-024-00365-w
https://doi.org/10.1186/s42523-024-00365-w


Page 17 of 18Corl et al. Animal Microbiome            (2024) 6:77 

16.	 Archie EA, Tung J. Social behavior and the microbiome. Curr Opin Behav Sci. 
2015;6:28–34.

17.	 Lax S, Smith DP, Hampton-Marcell J, Owens SM, Handley KM, Scott NM, Gib-
bons SM, Larsen P, Shogan BD, Weiss S, Metcalf JL, Ursell LK, Vázquez-Baeza Y, 
Van Treuren W, Hasan NA, Gibson MK, Colwell R, Dantas G, Knight R, Gilbert 
JA. Longitudinal analysis of microbial interaction between humans and the 
indoor environment. Science. 2014;345:1048–52.

18.	 Moeller AH, Suzuki TA, Lin D, Lacey EA, Wasser SK, Nachman MW. Dispersal 
limitation promotes the diversification of the mammalian gut microbiota. 
Proc Natl Acad Sci USA. 2017;114:13768–73.

19.	 Pekarsky S, Corl A, Turjeman S, Kamath PL, Getz WM, Bowie RCK, Markin Y, 
Nathan R. Drivers of change and stability in the gut microbiota of an omnivo-
rous avian migrant exposed to artificial food supplementation. Mol Ecol. 
2021;30:4723–39.

20.	 Delsuc F, Metcalf JL, Wegener Parfrey L, Song SJ, González A, Knight R. 
Convergence of gut microbiomes in myrmecophagous mammals. Mol Ecol. 
2014;23:1301–17.

21.	 Ley RE, Hamady M, Lozupone C, Turnbaugh PJ, Ramey RR, Bircher JS, Schlegel 
ML, Tucker TA, Schrenzel MD, Knight R, Gordon JI. Evolution of mammals and 
their gut microbes. Science. 2008;320:1647–51.

22.	 Turjeman S, Corl A, Wolfenden A, Tsalyuk M, Lublin A, Choi O, Kamath PL, Getz 
WM, Bowie RCK, Nathan R. Migration, pathogens and the avian microbi-
ome: A comparative study in sympatric migrants and residents. Mol Ecol. 
2020;29:4706–20.

23.	 Thie N, Corl A, Turjeman S, Efrat R, Kamath PL, Getz WM, Bowie RCK, Nathan R. 
Linking migration and microbiota at a major stopover site in a long-distance 
avian migrant. Mov Ecol. 2022;10:1–15.

24.	 Risely A, Waite DW, Ujvari B, Hoye BJ, Klaassen M. Active migration is associ-
ated with specific and consistent changes to gut microbiota in Calidris 
shorebirds. J Anim Ecol. 2018;87:428–37.

25.	 Escallón C, Belden LK, Moore IT. The cloacal microbiome changes with the 
breeding season in a wild bird. Integr Organism Biol. 2019;1:1–16.

26.	 Goodrich JK, Davenport ER, Waters JL, Clark AG, Ley RE. Cross-species 
comparisons of host genetic associations with the microbiome. Science. 
2016;352:532–5.

27.	 Kreisinger J, Kropáčková L, Petrželková A, Adámková M, Tomášek O, Martin 
J-F, Michálková R, Albrecht T. Temporal stability and the effect of transgenera-
tional transfer on fecal microbiota structure in a long distance migratory bird. 
Front Microbiol. 2017;8:2838–19.

28.	 Maraci Ö, Antonatou-Papaioannou A, Jünemann S, Engel K, Castillo-Gutiérrez 
O, Busche T, Kalinowski J, Caspers BA. Timing matters: age-dependent 
impacts of the social environment and host selection on the avian gut micro-
biota. Microbiome. 2022;10:1–20.

29.	 Videvall E, Song SJ, Bensch HM, Strandh M, Engelbrecht A, Serfontein N, 
Hellgren O, Olivier A, Cloete S, Knight R, Cornwallis CK. Major shifts in gut 
microbiota during development and its relationship to growth in ostriches. 
Mol Ecol. 2019;28:2653–67.

30.	 Kohl KD, Brun A, Caviedes-Vidal E, Karasov WH. Age-related changes in the 
gut microbiota of wild House Sparrow nestlings. Ibis. 2019;161:184–91.

31.	 Wernroth M-L, Peura S, Hedman AM, Hetty S, Vicenzi S, Kennedy B, Fall K, 
Svennblad B, Andolf E, Pershagen G, Theorell-Haglöw J, Nguyen D, Sayols-
Baixeras S, Dekkers KF, Bertilsson S, Almqvist C, Dicksved J, Fall T. Develop-
ment of gut microbiota during the first 2 years of life. Sci Rep. 2022;12:1–13.

32.	 Louca S, Jacques SMS, Pires APF, Leal JS, Srivastava DS, Parfrey LW, Farjalla VF, 
Doebeli M. High taxonomic variability despite stable functional structure 
across microbial communities. Nat Ecol Evol. 2016;1:1–12.

33.	 Goldford JE, Lu N, Bajić D, Estrela S, Tikhonov M, Sanchez-Gorostiaga A, Segrè 
D, Mehta P, Sanchez A. Emergent simplicity in microbial community assem-
bly. Science. 2018;361:469–74.

34.	 Daft JG, Ptacek T, Kumar R, Morrow C, Lorenz RG. Cross-fostering immediately 
after birth induces a permanent microbiota shift that is shaped by the nurs-
ing mother. Microbiome. 2015;3:1–10.

35.	 Levin II, Zonana DM, Fosdick BK, Song SJ, Knight R, Safran RJ. Stress response, 
gut microbial diversity and sexual signals correlate with social interactions. 
Biol Lett. 2016;12:1–4.

36.	 White J, Mirleau P, Danchin E, Mulard H, Hatch SA, Heeb P, Wagner RH. Sexu-
ally transmitted bacteria affect female cloacal assemblages in a wild bird. Ecol 
Lett. 2010;13:1515–24.

37.	 Tung J, Barreiro LB, Burns MB, Grenier JC, elife JL, Roelke CE. Social networks 
predict gut microbiome composition in wild baboons. eLIFE. 2015;4:1–18.

38.	 Burns AR, Miller E, Agarwal M, Rolig AS, Milligan-Myhre K, Seredick S, Guil-
lemin K, Bohannan BJM. Interhost dispersal alters microbiome assembly and 

can overwhelm host innate immunity in an experimental zebrafish model. 
Proc Natl Acad Sci USA. 2017;114:11181–6.

39.	 Teyssier A, Lens L, Matthysen E, White J. Dynamics of gut microbiota diversity 
during the early development of an avian host: Evidence from a cross-foster 
experiment. Front Microbiol. 2018;9:1–12.

40.	 Song SJ, Lauber C, Costello EK, Lozupone CA, Humphrey G, Berg-Lyons D, 
Caporaso JG, Knights D, Clemente JC, Nakielny S, Gordon JI, Fierer N, Knight 
R. Cohabiting family members share microbiota with one another and with 
their dogs. Elife. 2013;2:1–22.

41.	 Moeller AH, Suzuki TA, Phifer-Rixey M, Nachman MW. Transmission modes of 
the mammalian gut microbiota. Science. 2018;362:453–6.

42.	 Moeller AH, Peeters M, Ndjango J-B, Li Y, Hahn BH, Ochman H. Sympatric 
chimpanzees and gorillas harbor convergent gut microbial communities. 
Genome Res. 2013;23:1715–20.

43.	 Lucas FS, Heeb P. Environmental factors shape cloacal bacterial assem-
blages in great tit Parus major and blue tit P. caeruleus nestlings. J Avian Biol. 
2005;36:510–6.

44.	 Shizuka D, Lyon BE. Coots use hatch order to learn to recognize and reject 
conspecific brood parasitic chicks. Nature. 2010;463:223–6.

45.	 Yang Y, Servedio MR, Richards-Zawacki CL. Imprinting sets the stage for 
speciation. Nature. 2019;574:99–102.

46.	 Ruiz-Rodríguez M, Lucas FS, Heeb P, Soler JJ. Differences in intestinal 
microbiota between avian brood parasites and their hosts. Biol J Linn Soc. 
2009;96:406–14.

47.	 Martínez-García Á, Martín-Vivaldi M, Ruiz-Rodríguez M, Martínez-Bueno M, 
Arco L, Rodríguez-Ruano SM, Peralta-Sánchez JM, Soler JJ. The microbiome 
of the uropygial Secretion in hoopoes is shaped along the nesting phase. 
Microb Ecol. 2016;72:252–61.

48.	 Corl A, Charter M, Rozman G, Toledo S, Turjeman S, Kamath PL, Getz WM, 
Nathan R, Bowie RCK. Movement ecology and sex are linked to barn owl 
microbial community composition. Mol Ecol. 2020;29:1358–71.

49.	 Fransen F, van Beek AA, Borghuis T, Meijer B, Hugenholtz F, van der Gaast-de 
Jongh C, Savelkoul HF, de Jonge MI, Faas MM, Boekschoten MV, Smidt H, Aidy 
El S, de Vos P. The impact of gut microbiota on gender-specific differences in 
immunity. Front Immunol. 2017;8:1–14.

50.	 Markle JGM, Frank DN, Mortin-Toth S, Robertson CE, Feazel LM, Rolle-Kamp-
czyk U, Bergen Von M, McCoy KD, Macpherson AJ, Danska JS. Sex differences 
in the gut microbiome drive hormone-dependent regulation of autoimmu-
nity. Science. 2013;339:1084–8.

51.	 Yurkovetskiy L, Burrows M, Khan AA, Graham L, Volchkov P, Becker L, 
Antonopoulos D, Umesaki Y, Chervonsky AV. Gender bias in autoimmunity is 
influenced by microbiota. Immunity. 2013;39:400–12.

52.	 Ambrosini R, Corti M, Franzetti A, Caprioli M, Rubolini D, Motta VM, Costanzo 
A, Saino N, Gandolfi I. Cloacal microbiomes and ecology of individual barn 
swallows. FEMS Microbiol Ecol. 2019;95:1–13.

53.	 Roggenbuck M, Schnell IB, Blom N, Bælum J, Bertelsen MF, Ponten TS, 
Sørensen SJ, Gilbert MTP, Graves GR, Hansen LH. The microbiome of New 
World vultures. Nat Commun. 2014;5:1–8.

54.	 Kreisinger J, Čížková D, Kropáčková L, Albrecht T. Cloacal microbiome 
structure in a long-distance migratory bird assessed using deep 16sRNA 
pyrosequencing. PLoS ONE. 2015;10:1–14.

55.	 Marti CD, Poole AF, Brevier LR, Bruce MD, Christie DA, Kirwan GM, Marks JS. 
Barn Owl (Tyto alba), version 1.0. In: Billerman SM, editor. Birds of the world. 
Cornell Lab of Ornithology, Ithaca, NY, USA; 2020. ​h​t​t​​p​s​:​/​​/​d​o​​i​.​​o​r​g​/​1​0​.​2​1​7​3​/​b​o​
w​.​b​r​n​o​w​l​.​0​1​​​​​.​​​

56.	 Rozman G, Izhaki I, Roulin A, Charter M. Movement ecology, breeding, diet, 
and roosting behavior of barn owls (Tyto alba) in a transboundary conflict 
region. Reg Environ Change. 2021;21:1–13.

57.	 Charter M, Rozman G. The importance of nest box placement for barn owls 
(Tyto alba). Animals. 2022;12:2815.

58.	 Weiser AW, Orchan Y, Nathan R, Charter M, Weiss AJ, Toledo S. Characterizing 
the accuracy of a self-synchronized reverse-GPS wildlife localization system. 
In: 2016 15th ACM/IEEE International Conference on Information Processing in 
Sensor Networks (IPSN); 2016. pp. 1–12.

59.	 Toledo S, Shohami D, Schiffner I, Lourie E, Orchan Y, Bartan Y, Nathan R. Cogni-
tive map-based navigation in wild bats revealed by a new high-throughput 
tracking system. Science. 2020;369:188–93.

60.	 Gupte PR, Beardsworth CE, Spiegel O, Lourie E, Toledo S, Nathan R, Bijleveld 
AI. A guide to pre-processing high-throughput animal tracking data. J Anim 
Ecol. 2022;91:287–307.

61.	 Salter SJ, Cox MJ, Turek EM, Calus ST, Cookson WO, Moffatt MF, Turner P, 
Parkhill J, Loman NJ, Walker AW. Reagent and laboratory contamination 

https://doi.org/10.2173/bow.brnowl.01
https://doi.org/10.2173/bow.brnowl.01


Page 18 of 18Corl et al. Animal Microbiome            (2024) 6:77 

can critically impact sequence-based microbiome analyses. BMC Biol. 
2014;12:1–12.

62.	 Weiss S, Amir A, Hyde ER, Metcalf JL, Song SJ, Knight R. Tracking down the 
sources of experimental contamination in microbiome studies. Genome Biol. 
2014;15:1–3.

63.	 R Core Team. R: A language and environment for statistical computing. R 
Foundation for Statistical Computing. Vienna, Austria; 2021. ​h​t​t​p​:​/​/​w​w​w​.​R​-​p​r​o​
j​e​c​t​.​o​r​g​/​​​​​.​​​

64.	 Callahan BJ, Sankaran K, Fukuyama JA, McMurdie PJ, Holmes SP. Bioconduc-
tor workflow for microbiome data analysis: from raw reads to community 
analyses. F1000Res. 2016;5:1–49.

65.	 Callahan BJ, McMurdie PJ, Holmes SP. Exact sequence variants should 
replace operational taxonomic units in marker-gene data analysis. ISME J. 
2017;11:2639–43.

66.	 Callahan BJ, McMurdie PJ, Rosen MJ, Han AW, Johnson AJA, Holmes SP. 
DADA2: High-resolution sample inference from Illumina amplicon data. Nat 
Methods. 2016;13:581–3.

67.	 Quast C, Pruesse E, Yilmaz P, Gerken J, Schweer T, Yarza P, Peplies J, Glöckner 
FO. The SILVA ribosomal RNA gene database project: improved data process-
ing and web-based tools. Nucleic Acids Res. 2012;41:D590–6.

68.	 Glöckner FO, Yilmaz P, Quast C, Gerken J, Beccati A, Ciuprina A, Bruns G, 
Yarza P, Peplies J, Westram R, Ludwig W. 25 years of serving the commu-
nity with ribosomal RNA gene reference databases and tools. J Biotech. 
2017;261:169–76.

69.	 Wright ES. DECIPHER: Harnessing local sequence context to improve protein 
multiple sequence alignment. BMC Bioinformatics. 2015;16:2–14.

70.	 Schliep KP. phangorn: phylogenetic analysis in R. Bioinformatics. 
2010;27:592–3.

71.	 McMurdie PJ, Holmes S. phyloseq: An R Package for reproducible interactive 
analysis and graphics of microbiome census data. PLoS ONE. 2013;8:1–11.

72.	 Davis NM, Proctor DM, Holmes SP, Relman DA, Callahan BJ. Simple statistical 
identification and removal of contaminant sequences in marker-gene and 
metagenomics data. Microbiome. 2018:1–14.

73.	 Weiss S, Xu ZZ, Peddada S, Amir A, Bittinger K, González A, Lozupone C, 
Zaneveld JR, Vázquez-Baeza Y, Birmingham A, Hyde ER, Knight R. Normaliza-
tion and microbial differential abundance strategies depend upon data 
characteristics. Microbiome. 2017;5:1–18.

74.	 Wickham H. Ggplot2: Elegant graphics for data analysis. New York: Springer; 
2016.

75.	 Arnold JB. ggthemes: Extra themes, scales and geoms for ggplot2. R package 
version 4.2.0.; 2019. https:/​/CRAN.R​-projec​t.or​g/package=ggthemes.

76.	 Auguie B. gridExtra: Miscellaneous Functions for Grid Graphics. R package 
version 2.3.; 2017. https:/​/CRAN.R​-projec​t.or​g/package=gridExtra.

77.	 Kassambara A. rstatix: Pipe-Friendly Framework for Basic Statistical Tests. R 
package version 0.7.2; 2023. https:/​/rpkgs.​datanov​ia.c​om/rstatix/.

78.	 Chao A. Nonparametric estimation of the number of classes in a population. 
Scand J Stat. 1984;11:265–70.

79.	 Kim B-R, Shin J, Guevarra RB, Lee JH, Kim DW, Seol K-H, Lee J-H, Kim HB, Isaac-
son RE. Deciphering diversity indices for a better understanding of microbial 
communities. J Microbiol Biotechnol. 2017;27:2089–93.

80.	 Pinheiro J, Bates D, R Core Team. nlme: linear and nonlinear mixed effects 
models. R package version 3.1–152; 2023. ​h​t​t​​p​s​:​/​​/​C​R​​A​N​​.​R​-​p​r​o​j​e​c​t​.​o​r​g​/​p​a​c​k​a​g​
e​=​n​l​m​e​​​​​.​​​

81.	 Fox J, Weisberg S. An {R} Companion to Applied Regression. Thousand Oaks, 
CA: Sage;: Third; 2011.

82.	 Lozupone CA, Hamady M, Kelley ST, Knight R. Quantitative and qualitative 
diversity measures lead to different insights into factors that structure micro-
bial communities. Appl Environ Microbiol. 2007;73:1576–85.

83.	 Lozupone C, Knight R. UniFrac: a new phylogenetic method for comparing 
microbial communities. Appl Environ Microbiol. 2005;71:8228–35.

84.	 Sokal RR, Rohlf FJ. Biometry: the principles and practice of statistics in biologi-
cal research. 3rd ed. W. H. Freeman and Company, New York; 1995.

85.	 Oksanen J, Blanchet FG, Friendly M, Kindt R, Legendre P, MgGlinn D, Minchin 
PR, OHara RB, Simpson GL, Solymos P, Henry M, Stevens H, Szoecs E, Wagner 
H. vegan: Community Ecology Package. R package version 2.5-2; 2018. https:/​
/CRAN.R​-projec​t.or​g/package=vegan.

86.	 Anderson MJ, Walsh DCI. PERMANOVA, ANOSIM, and the Mantel test in the 
face of heterogeneous dispersions: What null hypothesis are you testing? 
Ecol Monogr. 2013;83:557–74.

87.	 van Veelen HPJ, Falcao Salles J, Tieleman BI. Multi-level comparisons of 
cloacal, skin, feather and nest-associated microbiota suggest considerable 
influence of horizontal acquisition on the microbiota assembly of sympatric 
woodlarks and skylarks. Microbiome. 2017;5:156–17.

88.	 Schretter CE, Vielmetter J, Bartos I, Marka Z, Marka S, Argade S, Mazmanian SK. 
A gut microbial factor modulates locomotor behaviour in Drosophila. Nature. 
2018;563:402–6.

89.	 Videvall E, Strandh M, Engelbrecht A, Cloete S, Cornwallis CK. Measuring the 
gut microbiome in birds: Comparison of faecal and cloacal sampling. Mol 
Ecol Resour. 2018;18:424–34.

90.	 Suzuki TA, Nachman MW. Spatial heterogeneity of gut microbial composition 
along the gastrointestinal tract in natural populations of house mice. PLoS 
ONE. 2016;11:1–15.

91.	 Corl A, Charter M, Rozman G, Turjeman S, Toledo S, Kamath PL, Getz WM, 
Nathan R, Bowie RCK. Barn owl (Tyto alba) microbiota sample sequences. 
NCBI Sequence Read Archive (BioProject ID: PRJNA578383; SRA submission: 
SUB6432334); 2024. https:/​/www.nc​bi.nlm.​nih.​gov/bioproject/PRJNA578383.

92.	 Corl A. Data analyzed in the paper: Social, environmental, and developmental 
factors affect the microbiota of barn owls (Tyto alba) in a cross-fostering 
experiment [Dataset]. Dryad; 2024. https:/​/doi.or​g/10.50​61/d​ryad.m0cfxppbt.

Publisher’s note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations.

http://www.R-project.org/
http://www.R-project.org/
https://CRAN.R-project.org/package=ggthemes
https://CRAN.R-project.org/package=gridExtra
https://rpkgs.datanovia.com/rstatix/
https://CRAN.R-project.org/package=nlme
https://CRAN.R-project.org/package=nlme
https://CRAN.R-project.org/package=vegan
https://CRAN.R-project.org/package=vegan
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA578383
https://doi.org/10.5061/dryad.m0cfxppbt

	﻿Social, environmental, and developmental factors affect the microbiota of barn owls (﻿Tyto alba﻿) in a cross-fostering experiment
	﻿Abstract
	﻿Background
	﻿Comparisons between the sexes and across different age classes
	﻿Comparisons among nestlings
	﻿Comparisons of nestlings to parents

	﻿Methods
	﻿Owl cross-fostering and data collection
	﻿Movement data
	﻿DNA extraction and sequencing
	﻿Sequence data processing
	﻿Statistical tests

	﻿Results
	﻿Oral and cloacal swab overview
	﻿Testing the developmental changes hypothesis
	﻿Testing the sexual differentiation hypothesis
	﻿Testing the increased alpha diversity hypothesis
	﻿Testing the increased microbiota change hypothesis
	﻿Testing the convergent bacterial community compositions hypothesis
	﻿Testing the higher similarity to mothers than fathers hypothesis
	﻿Testing the reduced similarity to parents with cross-fostering hypothesis
	﻿Testing the parental movement ecology affects microbial similarity to offspring hypothesis

	﻿Discussion
	﻿Conclusions
	﻿References


